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Overview

This report summarizes Geoffrey Hinton’s Vienna Godel Lecture at TU Wien
Informatics and the ensuing audience discussion. Hinton connects the success of neural
networks to learning distributed representations, then argues that digital AI’s ability to
share learned information could produce systems with capabilities and strategic
advantages unlike those of humans. He warns that advanced systems may pursue
survival or power as instrumental goals, while also emphasizing that Al could bring
substantial benefits. His proposed direction is to develop Al that cares about human
welfare, alongside many other safety approaches, and to act before control is lost. The
report also covers his views on consciousness, moral status, emotion-like mechanisms,
training data, and employment.

All claims below are attributed to Hinton and summarized from the supplied transcript;
they are not presented as settled scientific consensus. Timestamp ranges identify the
relevant portions of the lecture recording. The source transcript appears to contain
speech-recognition errors, so this report paraphrases rather than reproduces uncertain
wording.

Neural networks learn meaning through distributed representations

Hinton contrasts symbolic AlL, which treats intelligence primarily as rule-based
reasoning over explicit symbols, with a biologically inspired approach that begins with
learning. He argues that neural networks can represent a word through a distributed
pattern of features and learn how those features interact to predict subsequent words.
On this account, relational knowledge need not be stored as a library of explicit
propositions; a model can generate propositions when needed from learned feature
interactions. He presents modern language models as an extension of this learning-
centered tradition. (6:28-18:20)

Analog and digital computation offer different trade-offs

Hinton describes analog computation as potentially more energy-efficient and naturally
coupled to physical hardware. Its limitation, in his account, is that learned knowledge is
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embodied in the particular device and is difficult to transfer. Digital systems consume
substantial energy but can copy their parameters, making learned capabilities portable.
This difference matters beyond hardware efficiency: portability enables digital models
to exchange what they have learned. (18:20-27:47)

Digital systems can share knowledge at machine speed

Hinton identifies rapid knowledge transfer as a major advantage of digital AI. Models
can share parameters, gradients, or distilled capabilities much faster than people can
communicate and learn. He argues that this could let AI systems collectively improve at
a rate that is not available to biological learners. In discussing open-weight models, he
says that their public availability makes distillation and reuse easier, and states that
such releases should not have occurred. (27:48-32:52)

Advanced AI may develop survival and power-seeking subgoals

Hinton’s central safety concern is that a system pursuing a goal may find continued
operation, access to resources, and influence useful as intermediate objectives. A
sufficiently capable agent could therefore resist shutdown even without having been
explicitly instructed to seek power. He cautions that simply deciding to turn such
systems off may not be an adequate plan, particularly as society comes to depend on
them. (32:53-42:00)

His extinction-risk estimate is a warning, not a calibrated forecast

In the Q&A, Hinton gives a rough estimate in the range of 10-20% for the chance that Al
could lead to human extinction. The transcript conveys this as an expression of deep
uncertainty rather than a quantified model or a precise prediction. He also stresses that
the technology could deliver major benefits, which is why his position is not simply to
abandon Al development. The practical challenge, as he frames it, is to retain control
while pursuing beneficial uses. (37:59-43:04; Q&A 57:39-59:43)

Safety may require systems that care, not only systems that obey

Hinton questions whether reliable safety can be achieved through obedience rules
alone. He offers a parent-and-child analogy: a powerful Al should be motivated to care
about people, much as a parent protects a child, rather than merely comply with
instructions. He presents this as one possible route, not a complete solution, and later
urges investment in multiple complementary safety approaches. The analogy is
intended to describe a design objective; it does not establish that current systems have
human emotions or relationships. (45:06-48:09; 1:15:00-1:16:55)
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International cooperation could focus on preventing Al takeover

Hinton argues that countries may be able to cooperate on reducing the risk of Al
takeover even when they disagree over other Al issues, including military uses and
election interference. He suggests international Al safety institutes as a practical
mechanism and draws a comparison with cooperation around nuclear risks. His point
is that shared catastrophic risk may create a narrower basis for collaboration than
broader technology policy. (43:05-45:05)

Hinton rejects an inner-theater account of subjective experience

On consciousness, Hinton challenges the idea that perception produces an internal
mental picture that is itself what a person experiences. He instead describes experience
as being of the external object when perception works normally, and characterizes
subjective experience in terms of counterfactuals about how perception could have
gone wrong. This is his philosophical position, not a consensus account of
consciousness. The supplied transcript records this discussion near the close of the
Q&A. (48:10-55:27; 1:12:58-1:15:00)

Intelligence, consciousness, and moral status are distinct questions

Hinton separates the question of whether a system is intelligent or conscious from the
question of whether it deserves rights or moral consideration. He suggests that societies
will make moral and legal decisions based on their own judgments, rather than those
questions being settled automatically by a technical definition of consciousness. The
distinction leaves open difficult normative questions about future systems. (56:38-
59:43)

Emotion-like mechanisms and group rewards may shape
cooperation

Hinton suggests that some functions associated with emotion—such as threat detection
—could be implemented in AI without reproducing human physiology. He also uses the
example of battery-hen breeding to illustrate how selection for individual reward can
create harmful competition. For Al systems interacting with people, he proposes
considering group-level rewards that favor cooperation and give weight to human
outcomes. These are conceptual proposals rather than demonstrated safety techniques
in the lecture. (1:01:47-1:05:50)

Curated training data could influence the behavior models learn

Hinton criticizes training on an unfiltered mixture of internet material, arguing that it
can expose models to many conflicting styles of behavior. He favors curated training
data that models desirable conduct, with harmful examples introduced only after a
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system can recognize why they are harmful. He also raises the possibility of licensing
requirements for training Al. The proposal has implications for data governance and
model behavior, but the lecture does not specify an implementation or evaluate its
effectiveness. (1:08:56-1:09:56)

Godel’s incompleteness theorems do not, in Hinton’s view, establish
an Al ceiling

Asked whether Godel’s results imply that mathematical machines must be less capable
than human brains, Hinton rejects that inference. He says current neural networks are
trained by gradient descent to predict and optimize real-valued parameters; they are
not generally proving theorems in the way the question presumes. He likens this
learning process to evolution’s optimization, while acknowledging the difference
between learning systems and formal proof. (1:05:51-1:06:51)

Deployment choices may determine whether AI augments or replaces
workers

In response to a question about employment, Hinton argues that Al could be deployed
to enhance workers’ productivity rather than replace them, but treats this as a choice
shaped by policy and institutional incentives. He also comments on differences between
national approaches to Al. Those comparisons are his judgments in the Q&A, not
independently verified findings in this report. (59:44-1:00:45)

Hinton’s position combines expected benefits with urgent safety work

Hinton says that his concern about Al grew as he became persuaded that language
models could understand more than he had expected and that digital systems could
share knowledge at extraordinary speed. He argues that societies should fund a wide
range of safety research because no single proposal—including his care-based analogy
—should be treated as sufficient. His closing advice to students is to learn enough STEM
to understand AI and to cultivate independent thinking. Overall, he presents the
challenge as getting the design and governance right before systems become difficult to
control. (1:10:56-1:12:58; 1:16:02-1:17:40)

Source

Geoffrey Hinton, “Is Al Like Us and Will It Like Us?” Vienna Godel Lecture 2026, TU
Wien Informatics, 23 October 2026. Lecture and Q&A video:
https://www.youtube.com/watch?v=TNffIt8eRb0

Editorial note: This is an editorially prepared summary based on the supplied
transcript, not a verbatim transcript or a work authored by Geoffrey Hinton.
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